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VWHAT DID WE DO ?

LAMOST DR5 HERE WE ARE!
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HOW pibwWEDOIT?

STAGE 1 Clustering M-type spectra released in DR5 to obtain positive samples

Balanced Iterative Reducing and Clustering using Hierarchies (BIRCH)
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STAGE 2 Training Multi-Layer Pseudo Inverse Learning (iso called Extreme Learning Machine, ELM) model

Fig. Example spectra of positive samples .
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STAGE 3 Using Hamming distances in Hash space to evaluate similarities
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Fig. Example of the top 10 search results for a late-
type M spectrum (red). The top 10 spectra (black)
are sorted by decreasing similarity.
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